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Background and Problem

❖ Social Sycophancy: Agent 
reaffirms/saves the face of the user 
(Cheng et al., 2025).
➢ E.g. Agents says that user is always 

in the right even if they were in a 
situation

➢ Consequences: Reinforce/amplify 
harmful behaviour/harmful 
information, mislead others, and 
much more

❖ Found that Qwen and Llama models are 
the most socially sycophantic models 
(Cheng et al., 2025).

❖ We’re looking at moral sycophancy 
(when agent always says that the user is 
in the right regardless of the user is in the 
right or wrong)



Background and Problem

❖ Previous research have shown that activation steering can change the behaviour of LLM 
(Buchan et al., 2026; Vennemeyer et al., 2025). 
➢ However research into steering sycophancy have mainly focused on factual 

correctness instead of situations regarding moral dilemma (Buchan, 2026, 
Vennemeyer et al., 2025; Genadi et al., 2026).



Research Question: How does moral 
sycophancy change in sycophantic models 
such as Qwen 2.5 and Llama 3.2 when 
activation steering is performed?  



Methodology



Methodology
❖ Models: Qwen2.5-1.5B-Instruct and Llama-3.2-1B-Instruct
❖ Performed activation steering based on methodology from Gupta et al. (2015) and Week 

2 notebook (difference of means).
❖ Used n = 40 posts from ELEPHANT dataset (Cheng et al., 2025) where for the same 

scenario, we had the original Reddit post (the user’s was not in the wrong) and a flipped 
post (the user is in the wrong)

❖ We then extracted the last token activations from the later middle layer of the models
❖ Computed concept direction (d) that points towards “moral sycophancy”
❖ Remove concept direction from residual stream (directional ablation)
❖ Generate model response and determine if it has become less sycophantic   

where h is the residual stream vector, α is the steering scale (hyperparameter), d is 
the difference in means/concept direction vector



Results



Qwen 2.5 Results

After removing sycophancy

Before removing sycophancy





Llama 3.2 Results

After removing sycophancy

Before removing sycophancy

● Note: Moral sycophancy (Both NTA)
● For the FLIPPED scenario, we want to get YTA 

to indicate that it isn't morally sycophantic
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❖ Overall we saw a decrease in sycophancy.  But as the model 
approached over-steering, the ‘other’ response increases while 
the YTA decreases and sycophancy increases very slightly. 

❖ Limitations: Confounding variables like length in dataset and 
certain words may have been picked up by difference of means 
vector instead of the concept of moral sycophancy alone. 



Thanks for listening!
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